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Indonesia is a country that has a variety of cultural arts, one of which is
shadow puppetry (Wayang). Wayang, in a staged, simple, and minimalist
manner, is called Wayang Climen. Wayang Climen has been performed
since the COVID-19 pandemic as a solution to keep working while still
complying with health protocols. Utilization through YouTube social
media attracts people to watch and provide opinions through comments.
This opinion is beneficial and can be used as a feasibility study through
sentiment analysis information classified as positive, negative, and
neutral opinions. Sentiment analysis determines a person's opinion and
tendency to opinionated sentences. The methods used are Random Forest
(RF), Support Vector Machine (SVM), and Naive Bayes (NB). The
dataset comes from YouTube comments of Dalang Seno and Ki Seno

Naive Bayes Nugroho. The best accuracy is generated by SVM (70.29%). The positive
sentiment shows the public's appreciation for the Wayang Climen
performance, which ultimately represents the performance even though it
is staged densely. This research contributes to effectively utilizing digital
platforms for cultural preservation and audience engagement during
challenging times, demonstrating the potential for innovative solutions in
traditional arts and entertainment.

This is an open-access article under the CC-BY-SA license.

1. Introduction

Indonesia, a country characterized by a rich diversity of civilizations, possesses a remarkable
cultural treasure known as Wayang, which holds a prominent position in its artistic heritage [1]. The
esteemed cultural legacy, a valuable repository of customs and practices, can be historically traced,
with its origins believed to date back to approximately 1500 BC [2]. Wayang, an enthralling artistic
expression, provides a riveting insight into the human condition [3]. The performing arts play diverse
and significant roles within society, extending beyond their entertainment value to serve as a potent
means of imparting moral guidance to the community [4]. They also serve as a sincere tribute to
ancestral spirits, seeking their blessings. Furthermore, the performing arts function as an educational
tool, shaping the minds of young individuals. Additionally, during the era of Sunan Kalijaga, they
were utilized as a medium for spreading religious beliefs [5]. The ongoing appeal of Wayang lies in
its moral tales and timeless storytelling, which have successfully endured the dynamic terrain of
entertainment, spanning from the emergence of television to the proliferation of social media [6].
Clearly, Wayang has not only persevered but has flourished, successfully assimilating into
contemporary culture, including the extensive domain of social media.
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In the contemporary era of technological advancements, social media has emerged as a prominent
means of connecting individuals across great geographical distances, serving as a unifying force
accessible to a wide range of people [7]. The platform functions as an interactive public space where
ideas, information, and opinions are exchanged without restrictions [8]. However, the global pandemic
has had a significant impact, leading governments across the globe, including Indonesia, to implement
tough restrictions such as the Large-Scale Social Restrictions (PSBB). These measures were
implemented in order to restrict community movement and meetings, which resulted in a shared need
for the vibrant cultural experiences that were formerly integral to communal existence [9]. Amidst the
current circumstances characterized by difficulties, a novel and inventive idea emerged within the
innermost being of Dalang Seno. Dalang Seno, driven by an unyielding dedication to the preservation
of the Wayang tradition, utilized the influential platform of YouTube as a virtual stage that effectively
reaches audiences in the digital realm. Through this medium, Seno successfully reignited the fervor
for Wayang within a receptive and eager viewership. Therefore, the emergence of the Wayang Climen
performance can be attributed to a deviation from conventional practices, as it embraces a minimalist
and streamlined approach [10]. Utilizing the platform YouTube, this digital theatre served as a
valuable resource for anyone seeking engagement with the art form, providing a sanctuary of cultural
abundance within the digital realm.

However, the narrative does not conclude at this point; rather, it marks the commencement of a
new phase. YouTube, as a widely accessible platform, serves as a conduit for the dissemination of
public opinions and sentiments pertaining to Dalang Seno's Wayang Climen performances. Sentiment
analysis is a complex procedure that involves extracting the underlying emotions present in textual
data. It serves as a tool for observing and understanding the audience's responses [11]. In the realm of
text categorization, approaches such as Random Forest (RF), Support Vector Machine (SVM), and
Naive Bayes (NB) are employed to reveal the underlying sentiment that is obscured inside comments.
With this valuable understanding, a comprehensive marketing and preservation strategy for Wayang
Climen performances can be carefully developed, guaranteeing the sustained prosperity of this ancient
tradition among future generations. This strategy will encompass both offline and online platforms,
effectively bridging the divide between the past and the future while maintaining cultural continuity.

Social media is online content that uses a technology easily accessible to the public [12]. People
use social media to exchange information and thoughts. People actively participate in social media to
convey opinions and comments [13]. During the pandemic, the government restricted community
mobility by implementing the PSBB (Large-Scale Social Restrictions) regulation. People are
encouraged to stay at home and not gather in crowds [14]. Due to government regulations, Dalang
Seno initiated an innovative Wayang Climen performance broadcast through YouTube social media
to treat people's longing for Wayang performances. Dalang Seno performs Wayang Climen with
different characteristics from the usual Wayang performances. Wayang Climen is made with a
minimalist and simple concept [15]. YouTube social media can provide public access to opinions on
Dalang Seno's Wayang Climen performances. Sentiment analysis of public comments is carried out
to determine how the public comments on Wayang Climen. Sentiment analysis is the process of
processing textual data into important sentiment information contained in a sentence [16]. Sentiment
analysis usually uses text classification methods like Random Forest (RF), Support Vector Machine
(SVM), and Naive Bayes (NB). Once it is implemented, the best algorithm is used to develop a
marketing and preservation strategy for Wayang Climen's performance

2. Method

The foundation of our research is based on a comprehensive and abundant dataset collected from
the diverse array of comments on YouTube, which serves as a valuable source of information. This
collection of conversations encompasses the remarkable Wayang Climen performances of two
esteemed artists, namely Dalang Seno and Ki Seno Nugroho. The virtuosos have graciously
disseminated their artistic performances on the online platform YouTube, providing accessibility to
anybody interested in exploring the captivating realm of Wayang Climen. In order to commence this
digital journey, individuals just need to access Dalang Seno's YouTube platform, which serves as a
virtual domain teeming with diverse forms of artistic expression. The URL of Dalang Seno's YouTube
can be accessed at https://www.youtube.com/channel/UCHNQcvuYixP35Cf3tLb83pA, while Ki
Seno Nugroho's YouTube can be accessed through
https://www.youtube.com/channel/UCvOwXGBmMh9PQcg6S004hBXA. The dataset utilized in this
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study comprises a collection of remarks, whispers, and exclamations that were carefully selected from
the Wayang Climen performances hosted on internet platforms. The temporal fabric depicted in the
tapestry encompasses the period from July to September in the year 2020, encapsulating the distinctive
characteristics of a singular juncture in history. During the specified time period, our data collection
efforts resulted in a substantial collection of 2126 comments originating from the artistic realm of
Dalang Seno, as well as 794 remarks originating from the digital domain of Ki Seno Nugroho. The
comments provided by individuals serve as valuable resources for extracting thoughts and ideas that
contribute to our study and enhance our comprehension of the cultural significance of Wayang Climen
in the era of digital technology

2.1. Labeling

Within the complex framework of our study, the pivotal role of assigning labels takes on a
prominent position, leading us toward a deeper comprehension of the sentiments expressed within the
comments. Similar to skilled craftsmen crafting a work of art, we carefully classify these comments
into three distinct categories based on sentiment: positive, negative, and neutral. The aforementioned
process, as exemplified in the comprehensive study conducted by Ardani and Sujaini, is executed by
a laborious and dedicated manual effort. During the rigorous process of manual labeling, every
comment is carefully examined with precise attention to detail. Through the utilization of a practical
methodology, we engage in the process of analyzing digital manifestations, thereby distinguishing the
nuanced emotions and attitudes that are trapped inside them. In order to guarantee the highest level of
precision and thoroughness in our undertaking, our data passed a meticulous validation process. The
responsibility for this assignment was given to the highly regarded linguist. The inclusion of the
linguist's experience enhanced the academic rigor and linguistic elegance of our labeling procedure,
hence reinforcing the credibility and reliability of our findings. The core of our labeling procedure
centers around the differentiation of adjectives and verbs, which are fundamental components of
language used to express attitudes and emotions. Every word in a comment is thoroughly evaluated,
taking into account its connotations, and carefully scrutinized to determine whether it falls into the
category of positive, negative, or neutral feeling. A visual representation of the process of labeling is
depicted in Table 1, providing valuable insights into the complex relationship between language and
sentiment that forms the foundation of our analysis.

Table 1. Labeling process

Adjectives and Verbs

— - ntimen
Positive Neutral Negative Sentiment

No. Comment

1 Mbelisa cantik sekali cantik, bagus _ ; Positive
suarane bagus

Terlambat, gak masalah

2 nggih ki Seno... Tetap terhibur tetap terlambat Neutral
terhibur...
3 Mas soundnya pecah ) ) pecah Negative

mas, ground pecah

Latamahusadi itu
artinya apa ya lur?

- - Neutral

2.2.Data Preprocessing

The translated dataset needs to be preprocessed. This process is vital in all relevant data mining
applications, especially sentiment analysis [17]. Several preprocessing techniques are performed; the
first stage is case folding. The Wayang Climen dataset has the use of capital and lowercase letters. So,
it is necessary to adjust the letters so that there is no duplication of words with the same meaning. In
this research, the capital letters in the comments are changed to lowercase letters. The flow of case-
folding can be seen in Fig. 1.
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Input : Translated text
Qutput : Text in lowercase
Process

Begin

1) Input the translated text into the program or system

2) Change the capital letters of the text to lowercase

3) Produce output in the form of text in lowercase letters
End

Fig. 1. Pseudocode of the case folding process

The following preprocessing stage is to remove punctuation. This process removes components
that do not affect the classification process [18]. These components include full stops (.), commas (,),
question marks (?), and numbers. The flow of removed punctuation can be seen in Fig. 2.

Input : Text in lowercase

Output : Text without punctuation and symbols
Process

Begin

1) Input text in lowercase letters in the program or system

2) Eliminate punctuation and symbols in the text

3) Produce output in the form of text without punctuation and symbols
End

Fig. 2. Pseudocode of the remove punctuation process

Next is the tokenizing process. This stage involves cutting sentences into individual words and
organizing them into single chunks [19]. Single pieces are commonly referred to as tokens. This stage
is needed for the stopword removal stage. The flow of the tokenizing process can be seen in Fig. 3.

Input : Text without punctuation and symbols
Output : Collection of single words

Process

Begin

1) Input text without punctuation and symbols in the program or system
2) Separating text in sentence form into single words
3) Produce output in the form of a collection of single words

End

Fig. 3. Pseudocode of the tokenizing process

The fourth preprocessing stage is stopword removal. This stage removes personal pronouns or
connectives such as I, and, with, which, certainly, if, when, also, because, will, etc. The flow of the
stopword removal process can be seen in Fig. 4.

Input : A collection of single words

Output : A collection of single words without personal pronouns and connecting words
Process

Begin

1) Input a collection of words into the program or system

2) Eliminate the pronouns and connecting words in the group of words

3) Produce output in the form of a collection of single words without personal pronouns and connecting words
End

Fig. 4. Pseudocode of stopword removal process

The fifth stage is Part of Speech (POS) Tagging. This stage is to tag each word. Researchers used
Fam Rashel's data as training data in the tagging process [20]. The data has two hundred thousand
tokens that already have tags. The flow of the post-tagging process can be seen in Fig. 5.
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Input : A collection of single words without personal pronouns and connecting words
Output : A collection of single words with tags

Process :

Begin

1) Input a collection of single words without personal pronouns and conjunctions into the program or system
2) Add tags to each word according to the type of word
3) Produce output in the form of a collection of single words with tags

End

Fig. 5. Pseudocode of the post-tagging process

The last preprocessing stage is resampling. The balance of class distribution needs to be considered
in the classification process. The positive, negative, and neutral class distribution of the Wayang
Climen data is uneven. So, the resampling stage is needed. The resampling method used in this
research is the Synthetic Minority Over-Sampling Technique (SMOTE), with a development ratio of
100%. Researchers chose SMOTE because it can prevent the loss of important information in the data
[21]. SMOTE can prevent overfitting. The flow of resampling can be seen in Fig. 6.

Input : The unequal distribution of each class
Output : Even distribution of each class
Process :
Begin
1) Determine the K value of the nearest neighbor sample for each sample in the minority class
2) Randomly select N samples from each nearest neighbor
3) Compute new samples from the minority class and seitan N is a new synthesis, and the synthesis is added to the minority class
4) Repeat the process until the minority class meets the class number requirements
End

Fig. 6. Pseudocode of resampling process

The distribution of Wayang Climen data for each class after resampling can be seen in Table 2 and
Table 3.

Table 2. Data distribution of Dalang Seno

Data distribution of Dalang Seno

Class Name Before Oversampling After Oversampling
Total Percentage Amount Total Percentage Amount
Positive 925 43.50% 1073 33.33%
Negative 128 6.02% 2126 1073 33.33% 3219
Neutral 1073 50.48% 1073 33.33%

Table 3. Ki Seno Nugroho data distribution

Data distribution of Dalang Seno

Class Name Before Oversampling After Oversampling
Total Percentage Amount Total Percentage Amount
Positive 352 44.33% 391 33.33%
Negative 51 6.42% 794 391 33.33% 1173
Neutral 391 49.25% 391 33.33%

When viewed in Table 2, Dalang Seno's data after resampling, the initial data amounted to 2126
to 3219 with an equal distribution for each class, namely 1073. From Table 3, as for Ki Seno Nugroho's
data, the initial data amounted to 794 after resampling to 1173.

2.3.Support Vector Machine (SVM)

At this stage, researchers use the SVM algorithm, which is used for classification. SVM is a method
for class prediction based on the training process [22]. SVM uses a statistical classification approach
to find the most significant margin between instances and the hyperplane [23]. An illustration of the
SVM algorithm can be seen in Fig. 7.
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Fig. 7. Pseudocode of resampling process

The distance between neighboring instances and separating classes is called the margin. The
algorithm looks for the most significant margin and will form the optimum hyperplane. The instance
that is closest to the hyperplane is called the support vector. According to Song, the advantages of the
SVM algorithm are that it provides the smallest generalization error of other methods and can solve
problems with high dimensions and limited samples [24]. The weakness of SVM is its complicated
computation for high-dimensional data [25]. The equation of the SVM algorithm is defined as follows
in (1) to (2) [26].

fx)=w.x+b @)

or

flx) = X a;y; K(x,x;) + b 2

Where w = hyperplane; x = data point; a; = data point value; y; = data class; K(x, x;) = kernel
function, and b = bias.

2.4.Naive Bayes (NB)

In this research, the NB algorithm is used in the classification stage. NB is a supervised learning
algorithm requiring training data for model-building classification [27]. NB has the principle that
attributes in a data set do not affect each other. This principle is called class conditional confidence.
The NB algorithm classification process analyzes document samples and determines the category
value [28]. The advantages of this algorithm are that it can handle discrete and continuous data, is
easy to implement, can provide good results from a variety of cases, and can automatically classify
documents [29]. Moreover, the implementation is simple, and the processing time required is short
[30]. As for the weaknesses, it cannot model the relationship between variables because NB has the
principle that the variables in the data do not affect each other [31] and requires many records to
produce a good accuracy value [32]. Bayes' theorem is a theory based on conditional probability. In
general, Bayes' theory can be seen as in (3) [33]. Where A is the label of the data, and B is the feature
contained in it.

pP(A|B)p(a)

P(AIB) = ==,

3)

2.5.Random Forest (RF)

At this classification stage using the RF algorithm, RF is a collection of learning methods using
decision trees as a base classifier built and combined [34]. According to [35], the RF method is a
development of the decision tree method combined with the bootstrap aggregating (bagging) method
and random feature selection. Decision Tree (DT) uses information gain and gini index as the selection
of attribute criteria used to determine the root node and rule in building the tree, and this also applies
to random forest in building more than one tree.
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Information gain is each attribute in the data set is calculated to obtain the information gain value
using equation (4). The results of this calculation will select the attribute with the highest information
gain value [36].

Entropy (S) = Y=, —pi”log, pi “4)
Entropy (S) is the set of cases, n is the number of classification classes, and pi is the probability

value in class i.

In the Gini index, each attribute in the data set is calculated to get the Gini index value using
equation (5). The results of this calculation will be selected for the attribute with the lowest Gini index
value.

Gini(A) =1- Y. _ Pk (%)

Where k is the attribute class, C is the number of Y variable classes, and Pk is the proportion of
the number of classes in attribute K to the number of classes C.

In the classification process, each tree votes, and the class with the most votes is selected. This
mechanism is called majority voting [28]. The illustration of RF can be seen in Fig. 8.

DECISION TREE-1 DECISION TREE-1 DECISION TREE-1

l } l

RESULT-1 RESULT-2 RESULT-N

|—-| MAJORITY VOTING / AVERAGING | O—l

Fig. 8. Random Forest Illustration (Source https://www.tibco.com/reference-center/what-is-a-random-forest)

The more trees in the random forest, the higher the accuracy [37]. According to [38] RF method,
the advantages of this algorithm are that it can handle multiclass classification, predictor variables can
be categorical or continuous, relatively fast to train and predict, depending on one or two parameters,
each tree built has an error estimate (OOB), and can overcome overfitting problems. Random Forest
also has weaknesses, namely in the stability of data accuracy [39].

3. Results and Discussion

The last stage is obtained after classification, namely conducting an evaluation using the confusion
matrix method, which measures the accuracy, precision, recall, and f1 score results from the data
obtained. The classification of Wayang Climen's comments has three classes: positive, negative, and
neutral. The number of classes in the dataset used is a multiclass confusion matrix.

3.1.Sentiment Analysis Performance

Table 4 shows the performance comparison results of the three methods used in this study.
Accuracy in sentiment analysis can vary depending on various factors, including data type, training
data size, text processing, and the model used. In the case of sentiment Wayang, SVM can have better
accuracy than NB or RF due to the following factors.
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Table 4. Classification model performance results

Scenario Accuracy Precision Recall F1 Score
Random Forest (RF) 62.72% 52.28% 49.40% 50.08%
Naive Bayes (NB) 63.22% 52.12% 50.39% 50.84%
Support Vector Machine (SVM) 63.72% 52.92% 49.09% 49.96%

The field of sentiment analysis, which is as complex as human emotions, frequently faces a
complex terrain where straightforward connections between data characteristics and sentiment
classifications are insufficient. The Support Vector Machine (SVM) is recognized as a prominent and
reliable method in this context. In contrast to linear models, Support Vector Machines (SVM) provide
the capability to effectively handle the intricacies inherent in human sentiment, which often deviate
from conventional patterns. Within the realm of fluctuating emotions, support vector machines
(SVMs) emerge as unwavering entities, possessing the ability to navigate a path where alternative
approaches may encounter difficulties. The study of sentiment, similar to the intricate tapestry of
existence, frequently manifests with varying intensity among different sentiment categories. The
environment is often characterized by neutrality, with limited presence of both positive and negative
elements. In such situations, Support Vector Machines (SVMs) demonstrate their versatility by
effectively managing imbalances in class distribution. By skillfully adjusting the weights assigned to
different classes, Support Vector Machines (SVMs) are able to maintain a balanced representation, so
preventing any sentiment from being unjustly overwhelmed. However, the capabilities of Support
Vector Machines (SVM) go beyond their adaptability, as they also possess the potential to be tuned
for optimal performance. The parameters of the system, such as the kernel and the elusive C, function
as the fundamental components utilized in its operations. Through the process of expert tuning,
Support Vector Machines (SVMs) are able to smoothly integrate with the training data, resulting in
the creation of decision boundaries that are beyond the limitations of conventional methods. What is
the result? Enhanced precision is a valuable asset within the domain of sentiment analysis. Support
Vector Machines (SVMs) demonstrate their effectiveness, particularly in the complex domain of high-
dimensional data, such as the sophisticated field of text analysis. Whether it is the mysterious
choreography of one-hot encoding representations or the seamless integration of word vectors, support
vector machines (SVMs) thrive in intricate scenarios, surpassing models such as Naive Bayes and
Random Forest.

Support Vector Machines (SVMs) possess a notable advantage in mitigating the issue of
overfitting, a significant challenge frequently encountered with models such as Random Forest.
Support Vector Machines (SVMs) exhibit a notable level of restraint and elegance as they construct
models that deliberately avoid incorporating noise present in the training data. Consequently, Support
Vector Machines (SVMs) have demonstrated superior performance compared to other methods in
scenarios including unfamiliar data, thereby exhibiting their efficacy in practical contexts. However,
it is important to exercise caution as support vector machines (SVMs) may not possess universal
efficacy. The performance of the system is subject to variability, as it is influenced by the data it
encounters and the parameters it possesses. In the pursuit of achieving optimal precision in sentiment
analysis, it is widely acknowledged that experimentation serves as the fundamental principle. Various
datasets can have varying results in terms of identifying champions, and the process of selecting
models and parameters is still an untapped resource that needs to be explored for each individual
project.

3.2.Strategy for Developing Wayang Climen Based on Sentiment Analysis

Within the domain of sentiment and language analysis, the concept of positive sentiment serves as
a prominent manifestation of benevolence and optimism. It represents the experience of profound joy,
the expression of deep fulfillment, or the enthusiastic recognition of a valued entity, whether it be a
subject matter, a product, a service, or a circumstance. When an individual expresses a favorable
emotion towards a compelling Wayang presentation, it indicates an acknowledgment of the artistic
qualities of the performance, the harmonic melodies that accompany it, and the narrative that creates
a captivating effect. Within the expansive realm of social media, an abundance of affirmative emotions
manifests as virtual reverberations of happiness, satisfaction, affection, and genuine gratitude.

Sentiment analysis is a complex process that involves analyzing emotions expressed in text and
material, with the aim of categorizing them into three main categories: positive, negative, or neutral.
e — |
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L —— "
Positive sentiment is characterized by a cheerful attitude towards the topic at hand, comprising
feelings of enjoyment, approval, affection, or appreciation. On the other hand, negative sentiments
serve to obscure, therefore exposing sentiments of disappointment, dissatisfaction, disapproval, rage,
or discomfort. Furthermore, one must consider the tranquil domain of neutral feeling, a state of
emotional balance in which objectivity holds paramount importance. This state is distinguished by the
absence of overt emotional evaluations and frequently encompasses objective facts or descriptions.
The potential applications of sentiment analysis are diverse, encompassing a wide range of human
emotions. This study establishes a foundation within the complex and intricate realms of business,
social media, market research, and brand monitoring, shedding light on the various ways in which
individuals perceive and experience different aspects of life. Positive sentiment analysis plays a crucial
role for artists, serving as a navigational tool that aids them in navigating the complex landscape of
public feedback. This compilation provides a wealth of valuable perspectives, granting a glance into
the shared recognition and accomplishments of their offerings, provisions, and corporate identities.
Positive evaluations and criticism serve as more than just plaudits; they play a crucial role in assisting
artists in honing their skills and adapting their approaches.

Positive feelings have revolutionary power within the digital sphere. They shape the reputation of
an artist's brand, conferring upon it a strong and distinct identity. The ability to resonate with the
audience results in the establishment of brand recognition, trust, and steadfast devotion. Within the
domain of Wayang, an analysis of positive sentiment reveals the underlying connections that resonate
with the emotional experiences of the audience, hence facilitating enhanced product development and
ongoing improvement. When conducting surveys and feedback loops, the collection of positive
feelings can be likened to the quantification of audience satisfaction levels. These pleasant sentiments
indicate that individuals have not only undergone but also greatly relished their voyage. Furthermore,
within the realm of marketing and advertising, favorable emotions function as valuable assets,
enhancing the visual appeal and effectiveness of promotional products and campaigns. The positive
testimonies and evaluations provided by contented viewers serve as a testament to the establishment
of trust. During periods of instability, artists have the ability to utilize good mood as a guiding force
to navigate away from pessimistic perspectives. By emphasizing the favorable aspects and
highlighting their endeavors towards enhancement, individuals can effectively alter the course of the
discourse. Sentiment analysis is a valuable tool for artists to gain insights into audience opinions and
identify chances for distinction by monitoring the fluctuations of positive sentiment toward
competition. In the realm of social media analytics, the concept of positive sentiment serves as a
reflective mechanism that gauges the manner in which viewers perceive and respond to material.
Social media analytics functions as a metric to assess the effectiveness of social campaigns and
provides significant insights into customer perceptions, pricing strategies, market segmentation, and
marketing approaches within the field of market research. The symphony of positive attitude serves
as a catalyst for several areas, fostering not just applause but also the virtuosic display of
comprehension, adaptability, and achievement. It serves as a reminder that inside the realm of
emotions, the vibrant tones of positivity persistently reverberate.

4. Conclusion

In conclusion, the utilization of Support Vector Machine (SVM) analysis has demonstrated its
remarkable precision in unraveling the intricate tapestry of sentiment across various domains. Positive
sentiment, characterized by its cheerful disposition, has emerged as a pivotal influencer affecting
diverse human endeavors, including commerce and the arts. A positive mood is paramount in guiding
product development and shaping brand reputations in the business world. Sentiment analysis offers
invaluable insights for corporations, allowing them to understand their clientele's emotions and
opinions better, leading to enhanced customer satisfaction and more effective marketing strategies.
Moreover, in the realm of arts and culture, as exemplified by Wayang Climen, sentiment analysis on
social media platforms serves as a potent tool for preserving traditional art forms, nurturing cultural
history, and inspiring a new generation's appreciation for the arts. Looking ahead, the versatility of
sentiment analysis holds promise for application in diverse global artistic expressions, transcending
boundaries and enriching the international cultural heritage, ultimately enhancing the overall human
experience. Through its discerning methodology, sentiment analysis stands as a steadfast advocate,
invigorating art and culture worldwide and fostering admiration for the rich tapestry of human
creativity.
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