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In this study, we propose a decision-making strategy for pinning-based dis-
tributed multi-agent (PDMA) automatic generation control (AGC) in islanded
microgrids against stochastic communication disruptions. The target micro-
grid is construed as a cyber-physical system, wherein the physical microgrid
is modeled as an inverter-interfaced autonomous grid with detailed system
dynamic formulation, and the communication network topology is regarded
as a cyber-system independent of its physical connection. The primal goal
of the proposed method is to decide the minimum number of generators to
be pinned and their identities amongst all distributed generators (DGs). The
pinning-decisions are made based on complex network theories using the ge-
netic algorithm (GA), for the purpose of synchronizing and regulating the fre-
quencies and voltages of all generator bus-bars in a PDMA control structure,
i.e., without resorting to a central AGC agent. Thereafter, the mapping of
cyber-system topology and the pinning decision is constructed using deep-
learning (DL) technique, so that the pinning-decision can be made nearly
instantly upon detecting a new cyber-system topology after stochastic com-
munication disruptions. The proposed decision-making approach is verified
using a 10-generator, 38-bus microgrid through time-domain simulation for
transient stability analysis. Simulations show that the proposed pinning de-
cision making method can achieve robust frequency control with minimum
number of active communication channels.

This is an open access article under the CC-BY-SA license.

1. Introduction

With the electric power systems transforming into a more sustainable state, an increasing uptake

of renewable energy is being integrated into the electric grid. This leads to a burgeoning number
of distributed generators that are boosting the transformation of the traditional centralized electricity
generation and transmission architecture into a more distributed one [1][2]. In any power system,
automatic generation control is an essential control mechanism which regulates the frequency and
power flow between two adjacent areas for reliable power grid operations [3][4]. Traditionally, AGC
is achieved through central control agents governed by power system operators within their juris-
diction, through directly controlling large-scale fuel-based power generators to produce more or less

4 https://doi.org/10.31763/ijrcs.v2i1.514 © ijrcs@ascee.org


http://pubs2.ascee.org/index.php/ijrcs
mailto:samson.yu@deakin.edu.au
mailto:tatkei.chau@uwa.edu.au
http://creativecommons.org/licenses/by-sa/4.0/
https://doi.org/10.31763/ijrcs.v2i1.514
mailto:ijrcs@ascee.org

ISSN 2775-2658 International Journal of Robotics and Control Systems 19
Vol. 2, No. 1, 2022, pp. 18-36

electricity against various power system conditions. However, as the scale of microgrids compris-
ing of DGs grows rapidly, a central AGC agent that regulates all small-scale distributed generators
to achieve intelligent power system control is no longer viable due to the colossal communication
requirement [5]. This has motivated the advent of the multi-agent system (MAS) with its applica-
tions in power system control, which mainly include economic dispatch [6], heterogeneous storage
systems [7] and power system control [8][9][10][11] [12]. The overarching improvement for MAS,
in comparison to the conventional centralized AGC structure, is that the control agents, or generators,
only have access to the information from a limited number of neighbors, substantially reducing the
requirement for communication demanded by a central AGC [13]. In an MAS setup, there could still
be a central agent able to pass and receive timely power system information, including system time
and system events, to and from control agents without excessive data transmission and processing, so
as to improve situational awareness of the system [14].

For automatic generation control in microgrids, pinning-based distributed MAS was recently pro-
posed and has gained popularity among researchers due to its proven feasibility and easy implemen-
tation. The PDMA control is generally conducted at a secondary control level through autonomously
changing the nominal frequencies and voltages of control agents, based on the droop control theory
[15]. Upon system disturbances, such as load demand variations, selected control agents with given
communication topology will alter their nominal frequencies and voltages via an automated control
mechanism to realize frequency and voltage synchronization (or consensus) and restoration within
the microgrid. Another main requirement in AGC is that the total load demand and power loss need
to be shared by all generators based on their capacities and droop coefficients [16], which however
were not considered in [15]. In addition, the rationale of pinning decisions, i.e., the number of gener-
ators that need to be pinned and what they are, has been absent in most pinning-control research [17]
[18][15], where the pinning of generators were performed on a trial-and-error basis, until a year ago
when the authors in [9] employed complex network theories to corroborate the choice of the pinning
set. Notwithstanding its merit and vigorous mathematical derivations of the control methodology, the
most recent pertinent work in [9] bears certain shortcomings: the studied microgrid was oversimpli-
fied without considering power flow, power loss and load model in the microgrid of interest, which
can not fully represent the system characteristics from an electrical perspective. The communication
was deemed identical to the physical topology via power-line communication technique, which limits
its applicability in contemporary electric grids; with an increasing number of wireless data transmis-
sion techniques, such phasor measurement units (PMUs), the physical and communication systems
have become totally separable. Lastly, the convergence rate of the decision-making method was com-
puted purely based on cyber-system topology, failing to address the electrical features of microgrids
[19][20].

The above important problems have not yet been addressed in the literature, and to the best of our
knowledge, they need to be appropriately understood and resolved from a cyber-physical perspective.
Due to the dramatic development and deployment of wireless measuring and data transmission de-
vices and techniques, interpreting a modern power system as a cyber-physical system is a necessary
consideration, which however requires substantially more understanding and investigations into both
areas and seamlessly integrate them. In a very recent study [21], the authors incorporated complex
network theories into complex power systems with fixed physical connection but various communica-
tion topologies to investigate the vulnerability of the power system against cascading failure. Similar
ways of perceiving a power system have only been considered in recent couple of years [22][23][24],
where small signal stability analysis, line failure detection, and critical modes were studied respec-
tively for large-scale power systems. These pieces of research work have not been applied to inverter-
interfaced microgrids, which have a totally different modeling approach, nor a multi-agent distributed
control structure.

Therefore, pinning-based secondary control needs to be further developed, with simultaneous
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consideration of the physical and cyber systems that collectively represent modern microgrids, to
improve the robustness of the control system upon stochastic cyberattacks that may disrupt commu-
nication channels. In this paper, from a cyber-physical perspective, we propose a decision-making
strategy for PDMA that has high practicality and implementability for microgrid research. To achieve
this, we first utilize an improved static model of islanded microgrids documented in [25] and dy-
namic model for inverter-interfaced microgrids in [26], to formulate a complete 10-generator 38-bus
autonomous microgrid. Assuming communication connections are completely independent of the
physical architecture, a random communication topology is generated as a typical small-world con-
nection. We then use this initial communication topology as the base system and simulate stochastic
communication disruptions until communication sub-space starts to appear. Based on complex net-
work theories and frequency and voltage characteristics, an optimization problem, for maximizing
the CDR of the microgrid, is formed for a given communication topology, to solve for the minimum
number and identities of DGs to be pinned. Thereafter, time-domain simulations for the 10-generator,
38-bus microgrid are performed to demonstrate the functionality of the proposed method. Lastly, to
substantially reduce the computational burden of the proposed PDMA when operating on a real-time
basis, a DL-based pinning-decision mechanism is devised, enabling fast real-time pinning-decision
for the microgrid of interest.

2. Modeling of a Multi-Inverter Microgrid

In this section, descriptions of the mathematical model of each electrical component in a micro-
grid are presented, including the inverter, network, load and power flow, under the PDMA control
frame.

2.1. DG Inverter with Droop Control

A typical DG-inverter structure comprises a power source, voltage source converters, an LCL filter
and internal controllers for the power converters. To simplify the study without losing generality, we
assume the power source is able to produce the required amount of power for the islanded microgrid
under both steady-state operation and transient operation caused by small disturbances. In this paper,
a multiple-stage control loop is illustrated in Fig. 1. This control scheme consists of three controllers—
the power, voltage and current controller.

Inverter

Power | |DC /v; (\fvﬁf.wvo I L¢
- —
it i,

Cf e Nodé€
T
i Microgrid

Voltage Power Po Vo lo
controller‘QT) LPE P00

Vo io

Fig. 1. DG inverter schematic

2.1.1. Power Controller

Voltage and frequency references are generated by the power controller based on the filtered local
active, reactive power, current and voltage measurements from the LCL filter. As shown in Fig. 1,
the calculated instantaneous active and reactive output power, p, and ¢,, passes through a low pass
filter (LPF) to obtain the power quantities corresponding to the fundamental components, P, and Q),,
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using the following equations,

~ .d d . ~ .d g d
Do = igvg + 1dvd, Go = igvd —idvy, (1
Py = we (Po — Fy) s Qo = we (Go — Qo) 5 (2)
where v<, v ,i? and i are the instantaneous d — ¢ voltage and current, and w, is the cut-off frequency
of the LPF filter.
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Fig. 2. w — P droop and V' — () droop

Droop control is adopted to regulate the power sharing between DGs. As shown in Fig. 2, a change
in power generation by the inverter-based power sources, which will alter the inverter frequency and
voltage, based on the following relations,

W = wgl - mkaGka vk = V];ll - nquGk7 (3)
v;g: [(Vk cos O + rcigk - kacigk)Q
1/2
+(Viesin O — reid +wiLeid )?|
Vod= 0, 4)

where subscript & is used to denote the number of node and superscript * represents the reference
value to be used in subsequent control loops. Term wy, is the inverter frequency, wj, and V,! are the
nominal frequency and voltage, m,, and ng, are the w—P and V' — () droop coefficients, and 0, is the
phase angle of the inverter voltage. The pinning-based AGC control is performed through changing
the nominal frequency and voltage of DGs, e.g., w;; and V! move to w’,;' and V,;" respectively in Fig. 2.

2.1.2. Current and Voltage Control

As shown in Fig. 3, both current and voltage controllers consist of two standard PI-controllers
to regulate the d — ¢ components of voltage and current. As mentioned earlier, reference values of
the d and g-axis output voltage u;;;j and v, are generated by the power controller, and the outputs
of the PI-controllers in the voltage controller are then added together with feed-forward terms K Figk
and K Figk, to generate the references of the inverter currents z'i*kd and z'i*:, where K is the feed-
forward gain and iffk and ¢, are the d — ¢ components of the output current of the LCL filter as shown
in Fig. 1. Similarly, the generated current references are fed into current controller to generate the
reference values for the inverter voltage v;;d and vf‘: with the similar approach used in the voltage
controller. Detailed mathematical expressions can be found in [26].
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Fig. 3. Current and voltage controllers in DG inverter

2.2. LCL Filter

The following differential equations summarizes the dynamics of the output LCL filter connected
to an inverter (Fig. 6 shows the topology),

gt dt=1/Cy (i = ig? + wnCrog?) |
dq/dt—l/Lf( dq _ g};q—rfifl’q—l—kafi?’d),
dight fdt =1/ (VT = v = roigy? + wyLeidy?) | )

where v¢ 9 is the d — g components of voltage at kth node, L. is the coupling inductance in the LCL
filter, and 7 and 7 are the parasitic resistances of the filtering coupling inductors respectively.

2.3. Load modeling and Network Equations

Instead of assuming constant power consumption or impedances as in large-scale power system
studies [27][28], in this study, electric loads and transmission lines are modeled as R — L impedances,
which vary with system frequency. The following equation describes the relation between current and
voltage of transmission lines,

DQqp =
hk /
1/LhkJ ( D.Q _ Q Rllk] thQ + Wleek] l]iQnéZ ) s (6)

where Lhkj and Rlikj are the inductance and resistance of the transmission line connecting node &
and k, jine,; is the current flowing from node k to node k, vy, is the voltage of node k, and D — @
represents the direct and quadrature components of the common reference frame (which differs from
the inverter d — q reference frame for each DG bus) in the islanded microgrid.

The following equations describe the relations between current and voltage at load nodes,

dzloadk /dt =
D .D .Q,D
1/Lloadk (Uk 9 Rloadkzloéko + WLloade](g;dk> > (7

where Ligag, and Rjoaq, are the inductance and resistance of the load connected to node k, and 7jpad,,
is the current flowing into node k. In microgrid modeling, the current and voltage at each node also
have the following relation,

UllleR]iVl: Z.ODj’Q lloadQ + Z Zlmek] (8)
k=1,k#j
where Ry is the virtual resistance connecting each node to the ground. The introduction of the
virtual resistance is to ensure the numerical stability when conducting the simulation experiments for
the microgrid [26].
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2.4. Small Signal Stability Analysis Model

In this section, a brief discussion on small signal stability analysis (SSSA) model formulation
will be presented, where a Differential Algebraic Equation (DAE) formulation is used, and system
linearization is performed to realize the SSSA for microgrids.

The nonlinear mathematical model describing a microgrid can be written in the following compact
form [26][3],

dX /dt = f (X, Y, V,U),
0 =01 (X,T,V),

0=0g2(X,V), €))

where X is the dynamic state vector of the microgrid, including the dynamics of the inverters, DGs,
controllers, transmission lines and loads; V is the vector containing the voltage magnitudes and angles
of all nodes; Y represents inverter algebraic variables; and U is the control input vector comprising
droop coefficients and nominal frequency and voltage of the microgrid. Function f(-) is the system
state-space function, g;(-) = 0 is the inverter algebraic equation set, and g2(-) = 0 is the network
equation set.

System SSSA requires system linearization, with the compact form in (9), the system matrix Agys
can be calculated symbolically as follows,

%AX = AysAX + By AU, (10)
where
Ags=A1 —B1-D{'-Cy— By- D}t - (o, (1
A = %,Bl = %,Bz = %,Cl = %,
=92 py= 2% p,= %% (12)

and the calculation of the input matrix of the linearized system By is omitted in this paper. With the
acquired system matrix, the effects of varying parameters on the system stability can be observed and
analyzed. See [3] for more details on the procedures of linearizing a power system, where the system
is significantly different from the one used in this study, but the principles are similar.

2.5. Improved Power Flow Analysis

The steady-state solution of the islanded droop-based microgrid can be obtained by power flow
analysis as studied [25] using Newton-Raphson method. However, when pinning-based secondary
frequency and voltage strategies are deployed in an islanded microgrid, its steady-state frequency
settles to a preset set-point programmed in the secondary controller instead of free running according
solely to the droop characteristics described in (3). Therefore, it is necessary to modify and im-
prove the algorithm in order to obtain the power flow solution when implementing a PDMA control
structure. A brief mathematical description is summarized as follows,

Wi = J AP + AW, (13)

where W, AP and AW are the modified unknown vector, power mismatch vector and correction
vector at i iteration respectively, and J is the Jacobian matrix of the power flow formulation. To
demonstrate the islanding feature, the modified unknowns of the power flow problem are given as
follows,

W=[w" V" 0 Vil |, (14)
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where 0 and V are respectively the voltage phase angles and magnitudes for all nodes as stated in
original formulation of a power flow problem [3], and w™ and V™ are two vectors that contain the
nominal frequency and voltage for each inverter node with the secondary control mentioned in Section
2.1. The microgrid will have known unanimous frequency w and voltage level V' at every DG bus-bar.
The formulation of the modified power mismatch vector AP can be found in [25]. The dimensions
of W, w™, V™, 0, |Vipu| for an m-DG N -bus microgrid are respectively (2N +m —1) x 1, m x 1,
mx 1, (N—1)x1,and (N —m) x 1, under the premises that the angular reference bus is a generator
bus with a known voltage level V' and 6, = 0, which is a load bus. Note that the power generation
of each inverter node has now become,

Po, = —— (! —wr) . Qay = — (Vi — VA). (15)

Mpy, Ngy,

and Ry is modeled as a shunt impedance. Corresponding modifications need to be made when

computing the Jacobian matrix, which are shown as follows,

T
AP = |AP, AQ, AP AQ A®| , (16)

where the dimension for each elementis (2N +m —1) x 1,1 x 1,1 x1,(N—=1)x 1, (N—-1) x 1
and (m — 1) x 1, respectively, and

P, = Pot — Psys> Qa = Qtot - stS7 (17)
Ptot = Pload + Plossa Qtot = Qload + Q10537 (18)
AP =P - Pq, AQ=Q - Qe, (19)
A® = m,, P, I VXY _[m,, Pgs,,-- ,my, P, ], (20)
1 1
My, Ty
N
Pea, = Vi, Z VilY (g leos (Ok — 05 — k),
j=1
N
Qear, = Vi > V5[ Vi j)lsin (0 — 05 — i) , (22)
j=1
m m 1
PSYSZZPGIC:Z (WEI—Wk;),
_ — Mpy,
k=1 k=1
m m 1
Qus =Y _Qc, = o~ (Vi = Vi), (23)
k=1 k=1 9k
| NN
Pioss = 5 Z Z R {Yv(k,j) (Vk*v} + VkV;)} )
k=1 j=1
1NN
Quss = =5 2D 3 { Y (Vi +iV7) | (24)
k=1 j=1

where the extra equation set (20) is introduced to achieve appropriate power sharing based on droop
characteristics, which will be mentioned again in Section 3. After solving the power flow problem,
steady-state X** can be obtained, from which the initial condition of voltage magnitudes and angles
of all nodes V** can be extracted.

3. Pinning-Based Distributed Multi-Agent Automatic Generation Control
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3.1. PDMA Physical Control

As mentioned in earlier sections, the two main aspects in PDMA formulation is (1) the physical
droop-based secondary control and (2) the communication network and information exchange. In this
study, we assume that all DGs have droop-based frequency and voltage control mechanisms as stated
in 2, with the control variables being the nominal frequency w;’ and voltage V}* (k = 1,2,--- ,m) for
each DG. The information exchange between two cyber-connected DGs includes frequency, voltage
and active power. The following equation shows the control of nominal voltage at DG bus £,

Vi'=1g,Qc, + Cv/ (Z Aaci) (Vi = Vi) ¥ (e ) Cgo1) (Veer — Vk)>’ (25)
i=1

where C,, is the voltage control gain, A,g; is the adjacency matrix of the communication network
(which can be calculated based on [29]), Cy, is the voltage pinning gain vector, and ¥ is the pinning
matrix, which is defined as follows,

1 0 - 0
0 g -+ 0

=1 . . . - (26)
oo

where 1) is a Boolean variable (= 1 or 0) for pinning or not pinning a particular DG.

Similarly, the nominal frequency of DG at bus k can be controlled as,
m
Wi = my, P, +Cu / (Z Audi(ik) (Wi = Wr) + Y (k) Cgo 1) (Wret — Wk))
=1

+CP/ (Z Aagj(j,k) (mkaGk — Mp; PGj) >7 27)

J=1

where the last addition term is to share the power demand among all DGs based their droop charac-
teristics, C,, is the frequency pinning gain, C'p is the power sharing balancing gain and Cly, is the
frequency pinning gain.

3.2. PDMA Pinning Decision Formulation Based on Complex Network Theory

As stated before, the pinned generator has a three-fold task— (a) synchronizing its frequency/voltage
with the neighboring generator it has communication with, (b) restoring its frequency/voltage to the
nominal value, and (3) alter load sharing based on droop characteristics. If we denote €, and €,
as voltage and frequency tracking errors for the k™ generator, basing on (25) and (27) the following
equations can be derived,

€op = Z Ay (Vi = Vi) + W (k, k) Couie,1) (Vier — Vi),

J=l
Eﬁ:fk: Z Aadj(j,k) (wj - wk) + \I/(k‘, k)ng(k,l)(wref - Wk)
j=1

+¥ 0 CP Z Augii ) (mp, P, —myp, Po;) (28)
j=1

We know that in complex network theory [30], the Laplacian matrix L is defined as

L =D — Ay, 29)
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where D is the degree or valency matrix and Dy; ;) = deg(v;) and D(Z 5) =00 # j) (v € Nisa
node inside the node set of a graph G), and the adjacency matrix is given as [30],
A 1 iff pair{v;,v;} €€,
adi(7) = 0 otherwise
where £ denotes the edge set of a particular graph G. Then the voltage and frequency tracking error
in (28) for all DGs can be manipulated and expressed as,

€v=(L+ Cy¥)E,,
€w= (£+ng\1}) S, (3D

where =, and =, are respectively the aggregation of voltage and frequency (including power sharing)
control errors. Based on (31) and (28), we now have

€= —Cy (L + Cy¥) €,
€= —Cly (L4 CyuV) ey, (32)

(30)

which can be generalized by
é=—Gc (L+CP)e, (33)
with G, representing the control gain, C the pinning gain and e the control error.
Lyapunov Stability: A direct Lyapunov candidate L can be assigned as,
1
L= e (34)

2
and apparently L > 0. Then we have

i-1 (ec” +€"¢)
= eTé =l (=G (L+CT)e)
~Ge(L+CW)||el?
<0 (35

with a positive G and appropriately chosen pinning gain C in correspondence to the Laplacian matrix
and pinning matrix, hence Lyapunov stability proved. Despite the fact that Lyapunov stability is only
a mild requirement for stability around the equilibrium point, it is assumed adequate for this study
as the fluctuations of frequencies and voltages will be a small value under power system loading
disturbances.

\V)

We are now in the position to look at the objective function that needs to be solved for the pinning-
based PDMA problem. From (33) we know that the robustness and performance of the graph system
are determined by the eigenvalues of £ + CW, such as the convergence rates of voltage and frequency,
which is of paramount interest in this study, and can be quantitatively represented as G A\min{ L+CV }.

In this study, the main purpose of the pinning-based PDMA is to select a set of minimum number
of generators and identify their identities so that the desired network convergence rate o* can be
achieved. To simplify this study, we assume the pinning gains are identical for frequency and voltage
control, i.e., Cy, = Cy, and C,, = C, = Cp. Then our problem can be formulated as follows,

minimize R{U},
subject to GeAmin{L + C¥} > 0", (36)

where R is the rank operator, and then with the minimum rank Yy, acquired from solving (36), we
need to find which DGs to be pinned to realize the desired control purpose, i.e.,

maximize Apin{L + CV},
subject to R{¥} = Yiymin- 37

Using graph theory the objective function in (36) can be solved with the flowchart below.
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| Calculate D |

'

d = diag(D)

'

Sort all elements in d in
descending order

End

Fig. 4. Flowchart for solving problem (36)

3.3. Deep Learning-based Pinning Decision-Making Method

As mentioned in the previous sub-section, the pinning decision in the proposed PDMA con-
trol method is made by solving problems (36) and (37). However, solving such problem is a time
consuming task, jeopardizing the applicability of the PDMA method to microgrids with time-vary
communication networks which require real-time pinning set update. To overcome this limitation, we
proposed a deep learning-based pinning decision-making method to obtain the optimal pinning set
for real-time operations. First, a Monte Carlo simulation is conducted to generate a training set that
covers a wide range of communication network configurations with different connection topologies.
The details of the training data generation process is illustrated in the flowchart shown in Fig. 5, where
GA is employed to obtain the optimal pinning sets. After the training set is generated, a deep neural
network (DNN) is trained to capture the relationship between each topology and the corresponding
optimal pinning set obtained by GA. The vectorized Laplacian matrix Ly = vec(L) and the optimal
pinning set Wi, are employed as the input and the output of the DNN respectively. If undirected
graphs are considered, the dimension of Ly can be reduced from N2-by-1 to ((N + 1) N/2)-by-1 by
removing repeated off-diagonal elements in the symmetrical Laplacian matrix.

4. Simulation and Numerical Results

In this study, a 38-node microgrid system is employed, which is modified from [31]. Fig. 6
demonstrates the system topology, where nodes 1 to 28 are the load nodes and whereas nodes 29 to
38 are the DG nodes. For simplicity but without loss of generality, all loads are modeled as RL loads
and the system operate in the islanded mode throughout the study. The load and generator settings are
depicted in Fig. 3. The line parameters and the inverter and LCL parameters are adopted and modified
from [25] for the proposed new microgrid formation. The analysis and simulation are performed in
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Specify number of DGs N and prepare
the node set N’ = {vy, vy, ..., up}

Randomly generate a communication
network G(V, ) using small-world
model with average connectivity pg
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Find all possible
spanning tree Tof G

P EEEEE T .
4 \

Calculate Yy . base on
flowchart in Fig. 4

Obtain pinning set
Whhin by solving (32) Update GOV, €)

and (33) with GA I

Cutalink in €
Store G and Wpin IIal:l n

7'y

_________________________

Reach max.
iterations?

Fig. 5. Flowchart for training set generation process

MATLAB™ 2018b coding environment, and the time-domain simulation is performed by using the
MATLAB™ built-in odel5s solver.

Table 1, Table 3 and Table 4 show respectively the line parameters, load and generator settings,
and the inverter and LCL parameters. Both power flow analysis, modal analysis and time-domain
simulations are conducted in this section. The analysis and simulation are performed in MATLAB™
2018b coding environment. The modal analysis is carried out through system linearization, eigen-
value analysis and eigenvalue sensitivity study, whereas the time-domain simulation is performed by
using the MATLAB™ built-in odel5s solver.

23 24 25 38

30 70 77 N2

3774 71576 1718

Fig. 6. Modified 38-node test system

4.1. Power flow analysis

Power flow analysis is the first step to understand and observe a power system, which is also
an essential step for the modal analysis and time-domain simulations in calculating the steady-state
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Table 1. Line parameters

From To R (p.u.) L (pu) From To R (pu) L (p.u)
x10~3 x1073 x10~3 x10~3
2 0.574 0.293 24 25 5.579 4.366
3 3.07 1.564 9 26 12.453 12.453
6 5.1 4.402 26 28 5.007 4.362
7 1.166 3.853 27 28 6.594 5.814
8 4.43 1.464 6 29 1.264 0.644
0 11 1.224 0.405 27 29 1.77 0.901
1 12 2.331 0.771 8 30 6.413 4.608
4 13 1.933 2.253 10 30 6.501 4.608
9 13 12.453 12.453 12 31 9.141 7.192
14 15 3.68 3.275 14 31 3.372 4.439
15 16 4.647 3.394 3 32 2.279 1.161
16 17 8.026 10.716 5 32 2.373 1.209
17 18 4.558 3.574 4 33 2.123 3.301
2 19 1.021 0.974 8 34 12.453 12.453
19 20 9.366 8.44 26 35 12.453 12.453
20 21 2.55 2.979 12 36 12.453 12.453
21 22 4.414 5.836 22 37 3.113 3.113
3 23 2.809 1.92 25 38 3.113 3.113
23 24 5.592 4.415

== N O Ot N

operating points and initial conditions. In this work, a novel microgrid power flow approach, as stated
in Section 2.5, is employed, and the power flow results are shown in Table 6 in 5. In the microgrid
of interest, node 29 is selected as the reference node, and its voltage angle is always assumed to be
0°. The secondary voltage and frequency control mechanism is implemented on all DG inverters.
The nominal frequency and voltage of this microgrid are both 1 p.u. for the purpose of this study.
In real-world situations the nominal values are generated by the tertiary control level, which is not
incorporated in this paper. The secondary control is implemented to maintain this nominal voltage
frequency by varying the no-load voltage and frequency of the DG droop characteristics, i.e., V" and
w™, as illustratively shown in Fig. 2(a). As shown in Table 6, the no-load frequency of all DGs in the
power flow problem converge to a single value, w™ = 1.0008 p.u., whereas different no-load voltages
are obtained for the DGs, ranging from 0.985 p.u. to 1.0387 p.u. This is because constraint (20) is

Table 2. Load data

Node R (p.u.) L (pu) Node R (pu.) L (p.u)

- - 15 16.4567 2.6749
2 7.5498  4.3578 16 15.1380 4.6374
3 9.4641 3.9279 17 15.2710 4.9356
4 5.9264 3.8724 18 9.4568 3.8098
5 13.6197  6.6048 19 9.4549 4.0409
6
7
8

15.1875  4.7646 20 9.4792  4.1143
4.0926  2.0011 21 9.4636  3.9168

4.0920  2.0032 22 9.4564  4.0594

9 15.1782  4.7400 23 8.7046  4.7186
10 15.2825  4.9941 24 1.9854  0.9197
11 15.8036 10.3266 25 1.9849  0.9222
12 12.7485  7.1925 26 14.4958  5.9204
13 12.7478  7.2856 27 14.4610  5.6901
14 5.9412  3.8154 28 15.2824  4.9939
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Table 3. Load and Generator Settings

Node mp ng  Node my Ng
(p-u.) (p-u.)

29  5.102x 1072  0.02 34 5.102x 1073 0.02

30 1.502x107% 1/30 35 1.502x 107 1/30

31 4.506 x 1072 0.02 36 4.506 x 1072 0.02

32 2.253x107%  0.05 37 2.253x107%  0.05

33 2.253x107%  0.05 38 2.253x107%  0.05

Table 4. Inverter and LCL filter parameters

Variable Value Variable Value Variable Value
Whase 1207 rad/s Viase 220V Shase 1kVA
Cy 50uF Te 0.03Q2 Le 0.35mH
Ty 0.1Q Ly 1.35mH Kr 0.75
Ky, 0.05 K, 390 Kp. 10.5
K; 16x10® K; 10 Ky 1

We 10wme™  J 2s D 17p.u.

incorporated to maintain the power sharing within the microgrid with respect to the capacity of each
DG. Reactive power sharing is, however, not in the consideration in this study.

4.2. Small Signal Stability Analysis and Modal Analysis

Using the proposed Small-Signal Stability Analysis (SSSA) framework and applying to the mi-
crogrid model, the eigenvalues of the system can be acquired. Table 5 demonstrates the eigenvalues
associated with generators, controllers and LCL filters and of low damping ratios in the microgrid
with the base-case setup, where frequencies and dominant states of the modes are presented.

Table 5. Eigenvalues of interest with base-case settings

A & f(Hz) Dominant states
~117.0 £ 51573 7A41(&w) 250 vida, i
—144.0 + j1934 7.43 307 v, i
—4.972 + j44.68 11.05 711 we and PPESS
~57.70 & j465.8 1229 741 v of inverter 4, 5, 6
—297.9 4 52322 12.73 370 vd4, 99 of inverter 4, 5
—349.6 + 72685 12.91 427 v, 799 of inverter 4, 5
—3.463 &+ j15.69 21.55 2.50 PBESS xda_§ of inverter 5, 6

Combining Table 5, it is safe to state that with the base-case setup of the microgrid, the SSSA
indicates a stable system. Now we are in the position to investigate how changing parameters affect
the stability of the microgrid.

4.3. Monte Carlo Simulation and DNN Model Training

In this subsection, a Monte Carlo simulation is conducted to generate the training data as men-
tioned in Section 3.3. The mircogrid system in this study consists of ten DGs, the communication
network among each DG are modeled as a small-world network, with an average connectivity of 4.
We assume all communication links are bidirectional, i.e., the measurement information is mutually
exchanged between two DGs connected with a link connected with a link. Base on this assumption,
formulas for undirected graph are used for the calculation of the degree matrix D and the Laplacian
matrix £ for each sample in this simulation. The Laplacian matrix of each sample is vectorized in or-
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der to generate the input for the DNN to be trained. In this case, the vectorized Laplacian matrix Ly is
a 55-by-1 vector after removing the repeated off-diagonal entries of L. By following the steps shown
in Fig. 5, the training process is conducted. In this study, the DNN is trained with TensorFlow™
and Keras™ libraries using the Google™ Colab™ environment. The trained model is applied in
the time-domain simulation for real-time optimal pinning set generation, which will be discussed in
detail in the following subsection.

4.4. Time-Domain Simulation

In this subsection, time-domain simulations are carried out on the modified 38-node microgrid un-
der the islanded mode. The DNN model trained in the previous subsection is imported to MATLAB™
for generation of pinning sets used in the proposed PDMA control method. The microgrid system op-
erating in steady-state for the first 0.5s, and disturbances are then introduced to the microgrid in order
to verify the proposed PDMA method. The time-domain simulation results will further illustrate the
control performance in the case study.

@ Pinned DG () Unpinned DG

Fig. 7. Communication network under stochastic disruptions

4.4.1. Case 1: PDMA with Fixed Communication Network

In this case, the communication network is represented by G* as shown in Fig. 7(a), which used to
verify the functionality of the proposed PDMA control method. Given the gain of the frequency, volt-
age and real power sharing controller both equal to ¢, = ¢y = ¢, = 30 and the desired convergence
rate 0" = 10, the desired algebraic connectivity to the reference is found to be p7, , > ¢0* /Cuyv =
1/3, and the resultant pinning set is ¥* = {DG1, DG2, DG6, DG9} as highlighted in orange in
Fig. 7(a), with the calculated minimum network convergence rate G Apin(??) = 10.8318 > o*. The
time-domain simulation runs for 6.5 seconds with the microgrid operates in the steady-state for the
first 0.5 seconds, an abrupt load decrease is then introduced at ¢ = 0.5s, with a 50% reduction on
the load demand at nodes 2 to 10. After that, the load demand of these nodes is increased by 100%,
and the loading condition is returned to the original at £ = 4.5. Note that the cyber network remains
unchanged throughout this case study. Time-domain simulation results in Fig. 8 further confirm that
the frequencies and voltages are restored to the nominal values, and real power sharing among the
DGs reaches consensus after the load variation disturbances. The results also demonstrated that the
proposed method is capable to maintain autonomous operations of the microgrid through droop-based
secondary control strategy.
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Fig. 8. DGs’ (a) frequencies, (b) voltages and (c) real power sharing

4.4.2. Case 2: PDMA with Communication Network under Stochastic Disruptions

In this case, stochastic communication network disruptions are simulated to study the transient
behaviors of the DGs in the microgrid as well as the effectiveness of the proposed pinning decision
making method. As mentioned in Section 3.3, the pinning sets used in the PDMA control are updated
continuously in order to keep the network convergence rate below the desired value p* = 10 using
the results obtained based on the pinning decision making method. In this particular study, GA is
used to generate the pinning sets due to the fact that the size of the microgrid is small. Note that
the GA-based decision making method is not applicable when the size of the microgrid is grown,
and the DL-based decision-making method will be used as discussed in Section 3.3. To simulate
the stochastic disruptions, communication links in the network are taken out randomly as shown in
Fig. 7, where the original cyber network is illustrated in Fig. 7(a). First, edges {vi,vs}, {vi,vs},
{v1,v10}, {v2,v3}, {v2,v10}, {v4,v5}, {ve, vs} are removed from Fig. 7(a), and the resulting net-
work connection G® is shown in Fig. 7(b). After the disruption, the network convergence rate with
the original pinning set has dropped from 10.8318 to 8.4479, which violates the design specification.
Therefore, to fulfill the network convergence rate requirement, a new pinning set is obtained with GA
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using the proposed method, with ¥®* = {DG2, DG6, DG7, DG8, DG10} and ¢® = 11.7871. Note
that the number of pinned DGs has increased to |W°| = 5 after the disruption, i.e., pinning four DGs
can no longer produce a result that satisfies the design specification. Similarly, an additional link is
disconnected from DG1 and DG?7 in order to further examine the proposed method, and the pinning
set is updated again using the same method. As shown in Fig. 7(c), the new pinning set for G® has the
same cardinality with the previous pinning set, i.e., |¥°| = |¥¢| = 5, but DG3, DG4, DG6, DG9 and
DG10 are pinned instead, and the network convergence rate is calculated to be p° = 11.8210.

5. Conclusion

In this study, we have proposed a pinning strategy by viewing the power system as a cyber-
physical system, for PDMA-AGC in microgrids. The proposed pinning method aims to make adaptive
pinning decisions with the minimum number pinned generators against communication disruptions
between control agents, to achieve frequency consensus amongst all generators and restore the power
system frequency to the nominal value. A DNN-based learning technique is employed to make online
pinning decisions upon cyber-system topology changes. Time-domain simulations on the modified
IEEE 10-generator, 38-bus microgrid test system have verified the proposed pinning decision-making
approach. Future work may include testing and verification on large-scale microgrid systems and fur-
ther investigations on the correlation between the physical and cyber components in complex power
systems.

Author Contribution: All authors contributed equally to the main contributor to this paper. All
authors read and approved the final paper.
Conflicts of Interest: The authors declare no conflict of interest.

Appendix

Power flow results mentioned in Section 4.1 are shown in Table 6.

References

[1] H. Hu, S. Y. Samson, J. Zhao, T. Chau, F. Ding, T. Fernando, and H. Trinh, “Mpc-based double-layer
real-time conditional cself-restoration for interconnected microgrids,” International Journal of Electrical
Power & Energy Systems, vol. 129, p. 106745, 2021, https://doi.org/10.1016/j.ijepes.2020.106745.

[2] M. Zhang, W. Li, S. S. Yu, K. Wen, C. Zhou, and P. Shi, “A unified configurational optimization frame-
work for battery swapping and charging stations considering electric vehicle uncertainty,” Energy, vol.
218, p. 119536, 2021, https://doi.org/10.1016/j.energy.2020.119536.

[3] P. Kundur, N. J. Balu, and M. G. Lauby, Power System Stability and Control. McGraw-hill New York,
1994.

[4] S.S. Yu, X. Fan, T. K. Chau, H. Trinh, and S. Nahavandi, “Square-root sigma-point filtering approach
to state estimation for wind turbine generators in interconnected energy systems,” IEEE Systems Journal,
vol. 15, no. 2, pp. 1557-1566, 2020, https://doi.org/10.1109/JSYST.2020.2982953.

[5] T. Morstyn, B. Hredzak, and V. G. Agelidis, “Control strategies for microgrids with distributed energy
storage systems: An overview,” I[EEE Transactions on Smart Grid, vol. 9, no. 4, pp. 3652-3666, 2016,
https://doi.org/10.1109/TSG.2016.2637958.

[6] F.Li,J. Qin, and Y. Kang, “Multi-agent system based distributed pattern search algorithm for non-convex
economic load dispatch in smart grid,” IEEE Transactions on Power Systems, vol. 34, no. 3, pp. 2093—
2102, 2018, https://doi.org/10.1109/TPWRS.2018.2889989.

Samson S. Yu (Pinning Decision in Interconnected Systems with Communication Disruptions under Multi-Agent

Distributed Control Topology)


https://doi.org/10.1016/j.ijepes.2020.106745
https://doi.org/10.1016/j.energy.2020.119536
https://doi.org/10.1109/JSYST.2020.2982953
https://doi.org/10.1109/TSG.2016.2637958
https://doi.org/10.1109/TPWRS.2018.2889989

34

International Journal of Robotics and Control Systems
Vol. 2, No. 1, 2022, pp. 18-36

ISSN 2775-2658

Table 6. Load flow results

Node Voltage Generation(-)/Load(+) NL voltage
V (p.u.) 6(°) P (kW) Q (kVAr) v (p.u.)
1 0.9975 -0.57 —— —— ——
2 0.9975 -0.57 0.0989 0.0571 ——
3 0.9982 -0.59 0.0898 0.0373 -
4 0.9993 1.22 0.1181 0.0772 ——
5 1.0002 -0.40 0.0595 0.0288 -
6 0.9995 -0.05 0.0599 0.0188 ——
7 0.9981 -0.01 0.1965 0.0961 ——
8 0.9988 0.07 0.1967 0.0963 ——
9 0.9987 0.98 0.0599 0.0187 -
10 0.9995 0.06 0.0591 0.0193 ——
11 0.9993 0.04 0.0443 0.0289 ——
12 0.9993 0.01 0.0594 0.0335 ——
13 0.9991 1.19 0.0590 0.0337 ——
14 0.9980 -0.36 0.1187 0.0762 ——
15 0.9967 -0.39 0.0588 0.0096 ——
16 0.9955 -0.42 0.0598 0.0183 ——
17 0.9936 -0.48 0.0585 0.0189 ——
18 0.9931 -0.49 0.0897 0.0361 ——
19 0.9974 -0.57 0.0890 0.0380 -
20 0.9974 -0.50 0.0883 0.0383 -
21 0.9977 -0.46 0.0898 0.0372 ——
22 0.9988 -0.38 0.0891 0.0382 ——
23 0.9970 -0.69 0.0883 0.0478 ——
24 0.9954 -0.90 0.4109 0.1903 ——
25 0.9969 -1.07 0.4118 0.1913 -
26 0.9994 0.81 0.0590 0.0241 ——
27 1.0001 0.09 0.0599 0.0236 -
28 0.9994 0.49 0.0591 0.0193 ——
29 1.0000 0.00 -0.1494 -0.3170 1.0063
30 1.0000 0.20 -0.5076 0.3236 0.9892
31 1.0000 -0.29 -0.1692 -0.5505 1.0110
32 1.0000 -0.54 -0.3384 -0.7747 1.0387
33 1.0000 1.29 -0.3384 0.0157 0.9992
34 1.0000 0.22 -0.1494 0.0497 0.9990
35 1.0000 1.49 -0.5076 0.4505 0.9850
36 1.0000 0.20 -0.1692 0.1080 0.9978
37 1.0000 -0.33 -0.3384 -0.0416 1.0021
38 1.0000 -1.12 -0.3384 -0.6482 1.0324

System frequency w : 1 p.u.

No load frequency w™ : 1.0008 p.u.

[7] T. Morstyn, B. Hredzak, and V. G. Agelidis, “Cooperative multi-agent control of heterogeneous storage
devices distributed in a dc microgrid,” IEEE Transactions on Power Systems, vol. 31, no. 4, pp. 2974—
2986, 2015, https://doi.org/10.1109/TPWRS.2015.2469725.

(8]

W. Su, S. S. Yu, H. Li, H. H.-C. Iu, and T. Fernando, “An mpc-based dual-solver optimization method for
dc microgrids with simultaneous consideration of operation cost and power loss,” IEEE Transactions on
Power Systems, vol. 36, no. 2, pp. 936-947, 2020, https://doi.org/10.1109/TPWRS.2020.3011038.

S. Manaffam, M. Talebi, A. K. Jain, and A. Behal, “Intelligent pinning based cooperative secondary
control of distributed generators for microgrid in islanding operation mode,” IEEE Transactions on Power
Systems, vol. 33, no. 2, pp. 1364-1373, 2017, https://doi.org/10.1109/TPWRS.2017.2732958.

Samson S. Yu (Pinning Decision in Interconnected Systems with Communication Disruptions under Multi-Agent

Distributed Control Topology)


https://doi.org/10.1109/TPWRS.2015.2469725
https://doi.org/10.1109/TPWRS.2020.3011038
https://doi.org/10.1109/TPWRS.2017.2732958

ISSN 2775-2658 International Journal of Robotics and Control Systems 35

Vol. 2, No. 1, 2022, pp. 18-36

[10]

(11]

[12]

[13]

[14]

[15]

[16]

[17]

(18]

[19]

(20]

(21]

(22]

(23]

[24]

[25]

M. Raeispour, H. Atrianfar, H. R. Baghaee, and G. Gharehpetian, “Resilient Hoo consensus-based con-
trol of autonomous AC microgrids with uncertain time-delayed communications,” IEEE Transactions on
Smart Grid, vol. 11, no. 5, pp. 3871-3884, 2020, https://doi.org/10.1109/TSG.2020.2992646.

G. Zhang, J. Yuan, Z. Li, S. S. Yu, S.-Z. Chen, H. Trinh, and Y. Zhang, “Forming a reliable hybrid
microgrid using electric spring coupled with non-sensitive loads and ess,” IEEE Transactions on Smart
Grid, vol. 11, no. 4, pp. 2867-2879, 2020, https://doi.org/10.1109/TSG.2020.2970486.

J. Yuan, S. Y. Samson, G. Zhang, C. P. Lim, H. Trinh, and Y. Zhang, “Design and hil realization of an
online adaptive dynamic programming approach for real-time economic operations of household energy
systems,” IEEE Transactions on Smart Grid, 2021, https://doi.org/10.1109/TSG.2021.3107447.

S. D. McArthur, E. M. Davidson, V. M. Catterson, A. L. Dimeas, N. D. Hatziargyriou, F. Ponci, and
T. Funabashi, “Multi-agent systems for power engineering applications—Part I: Concepts, approaches,
and technical challenges,” IEEE Transactions on Power systems, vol. 22, no. 4, pp. 1743-1752, 2007,
https://doi.org/10.1109/TPWRS.2007.908471.

Z. Lin, F. Wen, Y. Ding, Y. Xue, S. Liu, Y. Zhao, and S. Yi, “WAMS-based coherency detection for
situational awareness in power systems with renewables,” IEEE Transactions on Power Systems, vol. 33,
no. 5, pp. 5410-5426, 2018, https://doi.org/10.1109/TPWRS.2018.2820066.

W. Liu, W. Gu, W. Sheng, X. Meng, S. Xue, and M. Chen, “Pinning-based distributed cooperative control
for autonomous microgrids under uncertain communication topologies,” IEEE Transactions on Power
Systems, vol. 31, no. 2, pp. 1320-1329, 2015, https://doi.org/10.1109/TPWRS.2015.2421639.

J. D. Glover, M. S. Sarma, and T. Overbye, Power System Analysis & Design, SI Version. —Cengage
Learning, 2012.

H. Su, Z. Rong, M. Z. Chen, X. Wang, G. Chen, and H. Wang, “Decentralized adaptive pinning control
for cluster synchronization of complex dynamical networks,” IEEE Transactions on Cybernetics, vol. 43,
no. 1, pp. 394-399, 2012, https://doi.org/10.1109/TSMCB.2012.2202647.

X. Li, X. Wang, and G. Chen, “Pinning a complex dynamical network to its equilibrium,” IEEE
Transactions on Circuits and Systems I: Regular Papers, vol. 51, no. 10, pp. 2074-2087, 2004, https:
//doi.org/10.1109/TCSI1.2004.835655.

S. Yu, T. Fernando, K. Emami, and H. H.-C. Iu, “Dynamic state estimation based control strategy for dfig
wind turbine connected to complex power systems,” IEEE Transactions on Power Systems, vol. 32, no. 2,
pp. 1272-1281, 2016, https://doi.org/10.1109/TPWRS.2016.2590951.

J. Zhao, M. Netto, Z. Huang, S. S. Yu, A. Gomez-Exposito, S. Wang, I. Kamwa, S. Akhlaghi, L. Mili,
V. Terzija et al., “Roles of dynamic state estimation in power system modeling, monitoring and opera-
tion,” IEEE Transactions on Power Systems, vol. 36, no. 3, pp. 2462-2472, 2020, https://doi.org/10.1109/
TPWRS.2020.3028047.

H. Guo, S. S. Yu, H. H. Iu, T. Fernando, and C. Zheng, “A complex network theory analytical approach to
power system cascading failure: From a cyber-physical perspective,” Chaos: An Interdisciplinary Journal
of Nonlinear Science, vol. 29, no. 5, p. 053111, 2019, https://doi.org/10.1063/1.5092629.

H. Ye, K. Liu, Q. Mou, and Y. Liu, “Modeling and formulation of delayed cyber-physical power system
for small-signal stability analysis and control,” IEEE Transactions on Power Systems, vol. 34, no. 3, pp.
2419-2432, 2019, https://doi.org/10.1109/TPWRS.2018.2890540.

S. Soltan, P. Mittal, and H. V. Poor, “Line failure detection after a cyber-physical attack on the grid using
bayesian regression,” IEEE Transactions on Power Systems, Early Access, 2019, https://doi.org/10.1109/
TPWRS.2019.2910396.

H. Ye, Q. Mou, and Y. Liu, “Calculation of critical oscillation modes for large delayed cyber-physical
power system using pseudo-spectral discretization of solution operator,” IEEE Transactions on Power
Systems, vol. 32, no. 6, pp. 4464-4476, 2017, https://doi.org/10.1109/TPWRS.2017.2686008.

F. Mumtaz, M. Syed, M. Al Hosani, and H. Zeineldin, “A novel approach to solve power flow for is-
landed microgrids using modified Newton Raphson with droop control of DG,” IEEE Transactions on
Sustainable Energy, vol. 7, no. 2, pp. 493-503, 2016, https://doi.org/10.1109/TSTE.2015.2502482.

Samson S. Yu (Pinning Decision in Interconnected Systems with Communication Disruptions under Multi-Agent

Distributed Control Topology)


https://doi.org/10.1109/TSG.2020.2992646
https://doi.org/10.1109/TSG.2020.2970486
https://doi.org/10.1109/TSG.2021.3107447
https://doi.org/10.1109/TPWRS.2007.908471
https://doi.org/10.1109/TPWRS.2018.2820066
https://doi.org/10.1109/TPWRS.2015.2421639
https://doi.org/10.1109/TSMCB.2012.2202647
https://doi.org/10.1109/TCSI.2004.835655
https://doi.org/10.1109/TCSI.2004.835655
https://doi.org/10.1109/TPWRS.2016.2590951
https://doi.org/10.1109/TPWRS.2020.3028047
https://doi.org/10.1109/TPWRS.2020.3028047
https://doi.org/10.1063/1.5092629
https://doi.org/10.1109/TPWRS.2018.2890540
https://doi.org/10.1109/TPWRS.2019.2910396
https://doi.org/10.1109/TPWRS.2019.2910396
https://doi.org/10.1109/TPWRS.2017.2686008
https://doi.org/10.1109/TSTE.2015.2502482

36 International Journal of Robotics and Control Systems ISSN 2775-2658
Vol. 2, No. 1, 2022, pp. 18-36
[26] N. Pogaku, M. Prodanovic, and T. C. Green, “Modeling, analysis and testing of autonomous operation of

[27]

(28]

[29]

(30]

(31]

an inverter-based microgrid,” IEEE Transactions on power electronics, vol. 22, no. 2, pp. 613-625, 2007,
https://doi.org/10.1109/TPEL.2006.890003.

S. Yu, K. Emami, T. Fernando, H. H. Iu, and K. P. Wong, “State estimation of doubly fed induction
generator wind turbine in complex power systems,” IEEE Transactions on Power Systems, vol. 31, no. 6,
pp- 4935-4944, 2016, https://doi.org/10.1109/TPWRS.2015.2507620.

T. K. Chau, S. S. Yu, T. L. Fernando, H. H.-C. Iu, and M. Small, “A novel control strategy of DFIG wind
turbines in complex power systems for enhancement of primary frequency response and LFOD,” IEEE
Transactions on Power Systems, vol. 33, no. 2, pp. 1811-1823, 2018, https://doi.org/10.1109/TPWRS.
2017.2726160.

R. Kamyar, M. M. Peet, and Y. Peet, “Solving large-scale robust stability problems by exploiting the
parallel structure of polya’s theorem,” IEEE Transactions on Automatic Control, vol. 58, no. 8, pp. 1931—
1947, 2013, https://doi.org/10.1109/TAC.2013.2253253.

C. Godsil and G. F. Royle, Algebraic graph theory. Springer Science & Business Media, 2013, https:
//doi.org/10.1007/978-1-4613-0163-9.

D. Singh, R. Misra, and D. Singh, “Effect of load models in distributed generation planning,” IEEE
Transactions on Power Systems, vol. 22, no. 4, pp. 2204-2212, 2007, https://doi.org/10.1109/TPWRS.
2007.907582.

Samson S. Yu (Pinning Decision in Interconnected Systems with Communication Disruptions under Multi-Agent

Distributed Control Topology)


https://doi.org/10.1109/TPEL.2006.890003
https://doi.org/10.1109/TPWRS.2015.2507620
https://doi.org/10.1109/TPWRS.2017.2726160
https://doi.org/10.1109/TPWRS.2017.2726160
https://doi.org/10.1109/TAC.2013.2253253
https://doi.org/10.1007/978-1-4613-0163-9
https://doi.org/10.1007/978-1-4613-0163-9
https://doi.org/10.1109/TPWRS.2007.907582
https://doi.org/10.1109/TPWRS.2007.907582

	Introduction
	Modeling of a Multi-Inverter Microgrid
	DG Inverter with Droop Control
	Power Controller
	Current and Voltage Control

	LCL Filter
	Load modeling and Network Equations
	Small Signal Stability Analysis Model
	Improved Power Flow Analysis

	Pinning-Based Distributed Multi-Agent Automatic Generation Control
	PDMA Physical Control
	PDMA Pinning Decision Formulation Based on Complex Network Theory
	Deep Learning-based Pinning Decision-Making Method

	Simulation and Numerical Results
	Power flow analysis
	Small Signal Stability Analysis and Modal Analysis
	Monte Carlo Simulation and DNN Model Training
	Time-Domain Simulation
	Case 1: PDMA with Fixed Communication Network
	Case 2: PDMA with Communication Network under Stochastic Disruptions


	Conclusion

